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How do we identify and measure confusion?
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Processes, vol. 49, no. 8, pp. 660-692, 2012.
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Confusion Framework
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Manual Annotation - GC

¥

kappa: 0.59 kappa: 0.48

L

Confusion: 72 Confusion: 84
No Confusion: 324 No Confusion: 314
Discarded: 4 Discarded: 2

Confusion 273

Gold Standard Set No Confusion 916
(1,136 code reviews) Total 1,189

questions

400 GC

¥

kappa: 0.32

L

Confusion: 117
No Confusion: 278
Discarded: 0




Manual Annotation - IC

questions

400 GC

Y

kappa: 0.49 kappa: 0.43 kappa: 0.41

@

Confusion: 84 Confusion: 67
No Confusion: 312 No Confusion: 330
Discarded: 4 Discarded: 3

Gold Standard Set




 Emails sent: 4,645

e Deliverable: 3,765

 Undeliverable: 880

* Responses: 16 (0.4%




Survey

did you feel confused
* when reviewing code changes?
* when your code has been reviewed?

usually makes you confused...?
 What is the of confusion...?

 What do you usually do to confusion...?



When reviewing code changes

Developers might feel confused or think that they do not understand the
code they review. How often did you feel this way when reviewing code
changes?

Often (75% of the time)
5 1(6.3%)

_all




When reviewing code changes

Developers might 4

SLERGEENEY When authoring code changes
changes?

16 responses

Developers who authored code changes might feel confused or think
that they do not understand something when their code is being

reviewed. How often did you feel this way when your code has been
reviewed?

@ Never

® Rarely (25% of the time)
Sometimes (50% of the time)

@ Often (75% of the time)

@® Always




Ultimate Goal!
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